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INTRODUCTION OBJECTIVES METHODOLOGY

SUM-GAN-AAE is an unsupervised deep learning model for video
summarization developed by Apostolidis et al. This study tests the algorithm
on the Breakfast dataset and evaluates it with the rank correlation
coefficients: Kendall’s T and Spearman’s p. The Breakfast dataset is
developed for action localization algorithms and the research assumes that
actions in a video contain key information. Rank correlation coefficients are a
statistical tool used for evaluating the correlation between rankings, in our
case - ranked frames by importance.

e Evaluate the performance of
the algorithm on the
Breakfast dataset

e Compare the F-Score and
rank correlation coefficients
metrics in evaluating video

summaries.

e Perform hyperparameter

optimization

The SUM-GAN-AAE model is
trained and evaluated on the
video summarization datasets
and on the Breakfast dataset
using k-fold cross-validation.
The rank correlation
coefficients are calculated and
compared to the F-Score. The
importance scores per frame
are plotted and compared to
the ground truth.

RESULTS

» Finding 1: F-Score and rank correlation coefficients differ
significantly
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