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Introduction

Experience Sampling Method (ESM) is a technique that allows
intensive, real-time monitoring in an individual’s natural environment.
The method could provide mental health practitioners with rich data on
client’s thoughts, feelings and behaviours in context [1]. This has
several advantages over traditional approaches:

- reduce recall bias [2]
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Visualizations

Line graphs capture temporal dynamics, while bar graphs provide
straightforward snapshots [3]. Each client’s situation is unique and
their goals, symptoms, and relevant contextual factors different [5]

Visualization 1: Single Temporal Line Graph (Figure 1)
Multiple variables in a single graph might facilitate relational reasoning
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Results

- Ten participants filled out the questionnaire
- Inter-coder reliability measure Cohen’s Kappa: 0.862
- Visualization 1 was received more positively than Visualization 2

Clear, not
overwhelming

. more personalized care [3]
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Visualizations include:
Client progress, client adherence and possible contextual variables that
have impact on treatment response.
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Visualization 1 allowed for relational reasoning, linking changes
across variables » maybe facilitating meaningful insight
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