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Figure 5: confusion matrices of the best performing model: between (left) and within (right) candidate validation.

Architecture of "2-CNN D2 A" model

e What is the feasibility of using the proposed system to
recogize air-written digits?

e How to collect a dataset of gesture-based digits?

e How to create a convolutional neural network capable P cowin [§ waxpoolingin [ rlatten [§ vense fJ vropout
of running on a microcontroller that recognises digits

¢ Dimitar Barantiev (2022) created
software to use the PCB-board for
development.
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Femi Akadiri (2022) constructed the
dataset for gesture-recognition
(swipe left, swipe right, clock-wise
circle)

William Narchi (2022) worked on a
CNN architecture for gesture
recognition (86% accuracy)

- - N N Figure 6: visual representation of the best performing model - created with "visualkeras” (Gavrikov, 2020)
o Femi Akadiri (2022) worked on a OPT101 Photodiode OPT101 Photodiode
) made by hand-gestures?
RNN architecture for gesture Figure 2: PCB with Arduino 33 BLE Nano Y 8 Conclusion: the system now only works reliably in a fixed lighting scenario and for
recognition (43% accuracy) with three OPT101 Photodiodes

* What is the performance of the proof-of-concept people it has seen during training. Further research is needed to make it work for
system? unseen users and a variable lighting scenario.
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