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| o Same Program, Different View o Semantic Cues Fade Away ” o Generation and Evaluation Pipeline

SBAN provides aligned views of the same program
plus a human-written reference description.

LLMs may produce different descriptions when the
same program is given as source code, assembly,
or binary.

As we move from source to binary, high-level
semantic information becomes increasingly
limited.
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High-level cues disappear in assembly and further so in binary Isolated runs produce 75k descriptions from one fixed prompt

Changing the representation may change the LLM’s description Aligned samples isolate representation as the main variable

Consistency and Quality o Trust, but Check
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Compare descriptions across representations Compare each representation against
the human-written reference

p < 0.001

W = 0.55
(moderate effect)
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Assembly-source is most consistent; Source descriptions best match the reference,
binary-source is least consistent. followed by assembly, then binary.

Inspect further
- J

Descriptions are somewhat consistent: assembly-source agrees most, binary-source least. Source gives the best reference alignment. Useful summaries still need checks across representations

SQ1 measures agreement, while SQ2 measures reference alignment




