~——
<o - >
L% -

Interaction with Artificial Social Agents =themafl snalusis of people's experiencEls

- < | 2

Research Inter-Coder Agreements - - T - Results

_
u U E S tl D n S The dataset consisted of 666 open-ended responses and questionnaire scores (90 items, Likert Scale) from the ASAQ
(Artificial Social Agent Questionnaire), a standardized tool for measuring user experiences with Artificial Seeial Agents. o Themes by Age Group Themes by Sex Themes by Region Shiemes by Education
Q%iﬂtssll?ﬁnf:ggggg - Male = /. Europe —

Agent's Efficiency 36-1! Female B Latin A B UGrad.
User's Autonomy 8-25 Africa H. Sch.

[R 01] _ H oW do p eo p I e eXp e r—i ence th e | r > A Thematic Analysis was performed to gather themes and a mind map containing theithemes and codes was rqenpe ¢ Lmiaton: : Afica i

made in between passes and updated accordingly (Figure 3). Productivity - E. Europe Com. Col.

Ease of Life - USA No Edu.
User's Trust PhD

interaCtion W.th ArtiﬁC.a| SOCial AgentS? e lJSRrACfb%l;;ar;if;i'

ﬁ:ugent - e 72 . Performance
Enjoyability J N User-Agent Interplay

[SQ1] - Can a (locally hosted) Large Language Model vears _ fhekenetl G N " (e

Agent's Sociability
4 ' I £ Lif : Agent's Quickness
: 3 - A - Interesting- ase of Life . , Agent's Limitation
. . 4 ’? : User's ‘enjoyment  boredom S " ‘ Agent's Coherence
identity these experiences: 1 Trust T ‘ Aganta )

ey — —— N4 % Performance s Agent's Interestingness

s / \ R N , 1\ impressive j Quickness Agent's Reliahility

‘interaction » | A 4 pOSIﬁVO 3 : . W el User's Emotional Presence
e Agent's e A i / i : N B 4 Agent's Enjoyability

[SQ2] - How do manual and LLM-based thematic AR Y Y\ A 4 "““"""’9 / \ ""‘”"‘ o | Ay

Themes

Agent's Personality
Engagement

: . Y 4 ; mmsmg o Agent's Usability
analysis compare with each other? = gl — - Al 4 e sl
Autonomy rahab]e Agent's Agelit Experience °t°'3‘ Emotional Experience

Creativeness s D . ' mediol:re " Agent's ‘ .

/ \ T B : Efficiency Agent's Agoits count
3 User- Intuitiveness
’ / \ . Agent's User's , Intentionality

: N ) Agent
hme wor!doad Agent' g

| < Emotional Emotional | Ei 5 : : : o
r C h 5 g  mutual Interplay ' - el - | | igure B: Average polarity (direction) of participant
R E S E a f'ee'"g raduclion Cogpnition "'cr :ty usefulness . benelit Presence Presence --r';shacacter . Vo — > Figure 5: All the themes that were found divided into their respective descriptors. thermes with 1 being positive and 1 being negative.
o | ’ g4 cmaness _ / \ | flicien - intuitive

/ \ e J W\ W (e .
Botaniial ami Agants emations — PeArg:i:;ﬁty mam- - mood From Figure S we see that

The use of Artificial Social Agents IS rap|d|g expanding across Societg. As these agents mtelligence Imowledge Iéur;:an.-like Helpfulness . 4 Wﬁldness : A Agent's > The themes throughout were qu.ite evenlg divided from their descriptors.
become more integrated into our interactions, understanding the user perception and ] e : Seclebtly Agent's > There was an under representation of older age-groups

L

u
) ) : ) : ) ) * humor Limitations : : :
experience of them becomes increasingly necessary to ensure their design aligns with o - fea B : Acc‘;sgm o Agent's -/ pN > There was an under representation of people with no formal education
. future futu"e e pful ' P Coherence Gompanion-
user needs, promotes trust, and supports meaningful engagement. - frlendlmess L4 V.

growlh potential ship

:sgazr:ltl'ty P L | ¢ \ soclabilll; s ||mited Emotional Experience (with its subsets User’s Emotional Presence and Agent’s Emotional Presence) was the

> The aim of this study is to investigate how users experience interactions with /behaviour futt:ree Y YA ‘consistent S most occuring theme. The themes that mattered the most towards the experience of people were the Agent’s ' . . \¢ . _

Artificial Social Agents (ASAs]), focusing on using thematic analysis to identify / human ) i mlisle""' logical Helpfulness, Attitude and Human-like Behaviour. The prominence of these themes suggests participants This study explored user experiences with Artificial Social Agents (ASAS]) through manual thematic

recurring themes in user-reported experiences with ASAs. . \Bmm"s _____ : oy prioritize emotional connection and practical utility in interactions with ASAs. Agent’s Cognition and Agent’s analysis. 31 distinct themes were identified.

simpliiy easeof ;ﬁe:dw . Pemepmasa e Coherence received moderate counts and have a mixed polarity, suggesting participants noticed both strengths We demonstrated that
y fool and weaknesses in the agent’s intelligence and logical consistency.
Reiterate Reiterate
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Mixed (inductive) analysis psychotherapist, standing out as an exception (Figure B).
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