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Background & Motivation

5G Cores are going cloud-native — cross-layer faults

Microservice fault taxonomies (Zhou 2018, Silva 2022) do not
show where the faults manifest and are not 5G oriented
5G specific work only measures degradation in signal quality

under stress (Moreira 2025)

Contribution - empirical fault atlas mapping:
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Replacing the mean/o baseline with median/MAD leaves 95.9% of cells unchanged. fault. White marks an
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