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2. Goal derivative. It does so by iteratively improving . .
an approximation of the inverted Hessian 4, Experlments 6. Conclusion
The goal of this research is to find matrix. . . .
> 9 L . . These algorithms were evaluated in two experiments. Overall, L-BFGS-B seems to perform the
which optimization algorithm is best . . . . - .
suited for finding the most uncertain Since aradient descent and L-BEGS-B tend to The first experiment involves creating an artificial best. Gradient descent converges much
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plane in an uncertainty field. find local optima instead of global optima, they .
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This plane can be parameterized by are randomly initialized multiple times.
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algorithms on 24 different uncertainty fields acquired from higher uncertainty affects the quality of the
running the pipeline for one iteration. This was done for segmentation in a complete pipeline and
different numbers of particles for particle swarm evaluating more optimization algorithms.
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