Efficient Auditory Coding for Bat Vocalizations

Testing Auditory Kernel Effciency on Rhinolophus Affnis Calls

Author: Aleksandra Savova Responsible Professor: Jorge Martinez Castaneda

EEMCS, Delft University of Technology

Supervisor. Dimme de Groot

%]
TUDelft

Introduction into Auditory Kernels

Research Questions Spectral Characteristics (RQ 1) and Efficiency (RQ 2)
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Table 1. Sparsity metrics. Mean + SD of Gini, Hoyer, and PQ
over 1000 recordings for R. affinis and R. pearsonii.
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pearsonii calls at 53.2 kHz. [2] (green): Response or echo received by the bat.

Figure 12. Cluster sparsity. Kernel activation distribution at 20 dB
SNR across clusters. Contributions >40% are labeled. Mean
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