The impact of sequencing errors and contaminating

viruses on SARS-CoV-2 variant detection in wastewater
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Fig. 1 - Relative prediction error plotted against the induced error frequency for
substitution, deletion and insertion errors. Plotted at a VoC frequency of 10.8%.
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* Adding contaminants to reference set removes effect. (Fig. 3c)
* Great performance of B.1.1.7. (Fig. 3b)

Fig. 2 - Estimated VoC frequency plotted against SARS-CoV-2
frequency in the entire dataset. Plotted at a VoC frequency of 10%.
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Fig. 3 - Relative prediction error plotted against SARS-CoV-2 frequency in the entire dataset.
The rest of the dataset is filled with contaminants. Plotted at a VoC frequency of 10%.
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