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INTRODUCTION METHODOLOGY

Current stance detection methods don't use the

extensive background knowledge that human

readers have. This makes the algorithms superticial
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in their classitication: they can only predict the

stances towards entities directly mentioned in the Deep
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text and won't be able to detect subtle connections

between entities.

Knowledge Base
This lack of background knowledge could be solved

by the usage of knowledge graphs.
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In Favor

"Guns kill people, abortion >

gives people a choice.”
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Describes the relations between the
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entities. Each entity stores expected PREDICATE

iberal and conservative opinon.
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RESULTS
DATASETS

‘ SemEval2016 Dataset
‘ IBC Dataset
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—» KGP Average F-score = 0.63
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