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3. Methodology 5 vele

e Creating a dataset (Figure 1) | public void setNicIpbAddress(final NicProfile nic, final DataCenter dc, final Network network) { , "WISORStEE”
' if (network. getIp6Gateway() '= null) { “1rStmt *
Extract Java files

. if (nic.getIPvbAddress() == null) {
Extract methods from each file s_logger.debug("Found IPv6 CIDR " + network.getIp6Cidr() + * for Network " + network);
Build Abstract Syntax Trees nic.setIPv6Cidr(network.getIp6Cidr());

dentify blocks nic.setIPv6Gateway(network.getip6Gateway());
| abel blocks IPv6Address ipvbaddr = NetUtils. EUI64Address(network. getIp6Cidr(), nic.getMacAddress());

. s_logger.info("Calculated IPv6 address " + ipvbaddr + " using EUI-64 for NIC " + nic.getUuid()):
Remove all statements related to Iogglng nic.setIPvbAddress(ipvbaddr. toString());
For each block extract features (structural token if (nic.getIPvdAddress() != null) {

segu ence) nic.setFormat(Networks.AddressFormat.DualStack);

. : } else {
Deep Iearmng (Flgure 2) , , nic.setFormat(Networks.AddressFormat. Ip6);
o Embed each token using language processing (NLP) 3 Block 3, scope 1-14, non-logged

o Feed sequences of embeddings to a Recurrent Neural ) Block 2, scope 1-15, logged
Network (RNN) nic.setIPv6Dnsi(dc.getIpéDnsi());

o Convert output to a binary prediction nic.setIPv6Dns2(dc.getIp6Dns2());
Fine tuning
o Adjust feature extraction, NLP, RNN algorithms

o Adjust number of epochs, internal RNN states Figure 1. Flowchart of dataset creation method. This shows the most general steps
Evaluation

5. Conclusion
o Calculate the performance of the model|

Metric score

Block 1, scope 1-18, non-logged

19 }

Methods of Li et al. are reproducible
Model trained on this specific dataset showed good
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i Study cross-project performance
INnvestigate what causes a bigger gap between precision
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